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Abstract 

Artificial Intelligence has the potential to revolutionize the Microcredit Industry. It helps in increasing 

accessibility to Loans by low income communities. Traditional Microcredit Models rely on human 

judgement and outdated Credit assessment Models. Those are often Costly, Biased and Slow processes. 

Artificial Intelligence Driven Microcredit System helps in calculating various algorithms, analyzing big data and 

focusing on Credit worthiness. The present study focuses on analyzing the pattern of Microcredit by the 

potential Borrowers. This paper explores the Transformative impact of Al on Microcredit, examining its 

potential to Empower low-income communities and the Challenges that need to overcome in reality. Al based 

analysis helps in reducing risk from borrowers' point of view and also from creditors point of view. The 

integration of AI in Microcredit ensures that the benefits are equally distributed among all sections of the 

Society. Incorporating Artificial intelligence in Microcredit often helps the bankers to process the loans very 

easily and make the loan processing without any time delays. 
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Introduction 

Microcredit has long been recognized as a powerful tool for financial inclusion, providing low - income 

communities with access to small loans to support entrepreneurship and economic stability. However, 

traditional microcredit models often face challenges, such as high operational costs, inadequate credit 

assessment methods, and limited scalability. The advent of Artificial Intelligence (AI) offers a transformative 

opportunity to address these issues. Al-driven microcredit leverages machine learning algorithms, big data 

analytics, and automated decision-making to streamline loan processes, enhance credit evaluations, and expand 

financial access. This approach not only reduces costs but also minimizes default rates by accurately 

predicting borrowers' creditworthiness. By harnessing the potential of Al, microcredit institutions can serve a 

broader demographic, offering tailored financial solutions to underserved populations and empowering them to 

improve their livelihoods sustainably. 

Review of Literature 

Banerjee, Duflo, Glennerster, and Kinnan (2015) provide a critical evaluation of the impact of 

microfinance by conducting a randomized control trial across urban and rural areas. Their study investigates 

whether microfinance, often hailed as a tool for poverty alleviation, lives up to its promise. The results 

present a nuanced view, revealing that while access to microcredit increases business investments and expands 

small businesses, it does not significantly improve household income, consumption, or social outcomes such 

as education or women's empowerment. The Findings highlight that microfinance's benefits may be more 

modest than initially expected, suggesting that it is not a "miracle" solution for poverty reduction but can still 

play a role in improving access to financial services for the poor. This study provides essential empirical 

insights into the real effects of microfinance, questioning its widespread promotion as a panacea for poverty. 
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Chen, Wu, and Chen (2021) explore the transformative role of artificial intelligence (Al) in the financial 

services sector, with a particular focus on its application in microcredit. The study highlights how Al 

technologies, especially in credit scoring enhance the precision of risk assessment for individuals with 

limited or no credit history. By leveraging machine learning algorithms and big data analytics, Al helps 

financial institutions better evaluate borrower creditworthiness, reduce default risks, and expand access to 

financial services for underserved populations. The authors emphasize that AI powered microcredit systems are 

not only more efficient but also contribute significantly to financial inclusion, especially in emerging markets 

where traditional banking services are limited. Overall, the paper underscores Al's potential to revolutionize 

microcredit, offering a scalable and sustainable solution for improving financial access in low-income 

communities. 

Guo, Zhou, and Lu (2019) investigate the role of big data and digital finance in alleviating poverty through 

microcredit services. Their study emphasizes how digital finance, powered by big data analytics, improves 

access to credit for low-income populations by overcoming traditional banking constraints. The authors discuss 

how big data allows for more accurate credit risk assessments. enabling microcredit institutions to serve 

individuals who lack formal credit histories or collateral. By leveraging digital financial platforms, 

microcredit services can be delivered more efficiently, fostering economic empowerment and poverty 

reduction. The paper highlights the transformative potential of integrating big data with digital finance, 

positioning it as a key driver inclusion in developing economies. 

Iqbal and Ghaffar (2020) explore the transformative role of artificial intelligence (AI) in enhancing microcredit 

and promoting financial inclusion. Their study highlights how Al- powered ad algorithms can overcome 

traditional barriers to banking, especially for underserved actions lacking formal credit histories. By 

improving the accuracy of credit scoring and risk assessment, Al enables microfinance institutions to offer 

tailored financial products to low-income individuals, increasing their access to credit. The authors emphasize 

that Al not only helps reduce default rates but also expands the reach of financial services to unbanked and 

underbanked communities, driving broader financial inclusion. Their research underlines the potential of Al 

to reshape the microcredit sector by making lending more efficient and inclusive. 

Jagtiani and Lemieux (2018) explore the use of alternative data and machine learning in fintech lending, 

using Lending as a case study. Their research demonstrates how fintech companies leverage non-traditional data 

sources, such as social media activity and payment histories, to assess borrowers credit worthiness more 

accurately than traditional credit scoring methods. The study highlights the potential of machine learning 

algorithmics to improve the efficiency and accuracy of credit risk assessments, particularly for individuals with 

limited or no credit histories. By analyzing data from Lending Club, the authors illustrate how fintech lending 

platforms can enhance financial inclusion by providing access to credit for underserved populations who 

might otherwise be excluded from traditional lending systems. This research emphasizes the growing 

importance of alternative data and Al in reshaping the lending landscape. 

Jiang and Wang (2021) explore the role of Al-powered credit scoring in microfinance, emphasizing its 

transformative potential for improving lending practices in the sector. Their study highlights Al can process vast 

amounts of non-traditional data, enabling microfinance institutions to assess the creditworthiness of borrowers 

who may lack formal credit histories. This innovation reduces reliance on conventional credit scoring 

methods, which often exclude low- income individuals and small enterprises. The authors also discuss the 

broader implications for risk management, as Al-driven models can more accurately predict loan defaults, 

enhancing decision-making and improving the sustainability of microfinance institutions. By leveraging Al, 

microfinance can extend services to underserved populations, promoting financial inclusion and reducing 

systemic risks 

Khandker and Samad (2014) investigate the dynamic effects of microcredit on poverty reduction in 

Bangladesh, utilizing a robust analytical framework to assess both short-term and long-term impacts. Their 

findings reveal that microcredit significantly contributes to income growth and enhances the consumption levels 

of borrowers, demonstrating a positive correlation between access to microfinance and improvements in 



Minnesota Journal of Business Law and Entrepreneurship 

Volume 2026, No. 2 

ISSN: 1540-3270 

46 
https://kommerstad.org 

household welfare. The authors also highlight the importance of sustainable repayment practices, which are 

essential for the long-term viability of microcredit programs. Additionally, they emphasize that while 

microcredit can empower individuals, particularly women, and encourage entrepreneurship, its effectiveness 

is contingent on the supportive social and economic environments. By addressing potential limitations and 

contextual factors, Khandker and Samad provide valuable insights into the nuanced role of microcredit in 

fostering economic development and alleviating poverty in rural settings. Their research underscores the 

need for a holistic approach to microfinance that integrates education, capacity building, and market access to 

maximize the benefits for low-income communities. 

In "The Microfinance Promise," Morduch (1999) critically evaluates the potential of microfinance as a tool for 

poverty alleviation and economic development. The paper provides a comprehensive overview of the 

microfinance landscape, highlighting its promise in delivering financial services to underserved populations, 

particularly women and low-income individuals. Morduch discusses the foundational principles of 

microfinance, including group lending and social collateral, which distinguish it from traditional banking 

practices. However, he also addresses the challenges and limitations associated with microfinance, such as 

high-interest rates, over-indebtedness among borrowers, and the mixed evidence regarding its impact on income 

generation and economic stability. Ultimately, the study calls for a nuanced understanding of microfinance's 

role in economic development, emphasizing the need for rigorous evaluation of its effectiveness and the 

conditions under which it can succeed. 

In his 2009 paper, Narain examines the policy aspects of microfinance in India through the lens of 

artificial intelligence (AI). He discusses how Al can significantly enhance the efficiency and reach of 

microfinance institutions (MFIs) by improving risk assessment, credit scoring, and customer outreach. Narain 

highlights the potential of Al technologies to analyze vast datasets, enabling MFIs to make more informed 

lending decisions and better serve low- income populations. He emphasizes the importance of developing 

supportive policies that foster innovation in the microfinance sector while addressing regulatory challenges. 

Furthermore, the paper advocates for a collaborative approach between policymakers and technology providers 

to ensure that Al tools are effectively integrated into the microfinance ecosystem, ultimately promoting 

financial inclusion and empowering underserved communities in India. 

Park and Choi (2019) investigate the application of machine learning techniques for credit scoring in the 

microcredit sector, emphasizing the transformative potential of these technologies in enhancing lending 

decisions. The authors explore various machine learning algorithms, such as decision trees, neural networks, and 

ensemble methods, and assess their effectiveness in predicting borrower creditworthiness compared to 

traditional credit scoring models. They highlight that machine learning models can leverage alternative data 

sources, enabling more accurate assessments for borrowers with limited credit histories, thereby promoting 

financial inclusion. Additionally, the review addresses challenges in implementation, such as data privacy 

concerns and the need for transparency in algorithmic decision-making. Ultimately, Park and Choi argue that 

machine learning offers significant opportunities to improve credit scoring processes, reduce default risks, and 

expand access to financial services for underserved populations in the microcredit landscape. 

Sanz, De la Torre, and Velasco (2020) investigate the intersection of artificial intelligence (AI) and digital 

microcredit as a transformative approach to enhancing financial inclusion. They argue that Al technologies can 

streamline credit assessment processes, enabling microfinance institutions to evaluate borrowers more 

accurately and efficiently, particularly in underserved markets. The authors highlight how Al algorithms can 

analyze alternative data sources, such as social media activity and mobile payment histories, to assess 

creditworthiness in ways traditional credit scoring methods cannot. By reducing the barriers to access 

credit for low-income individuals and small enterprises, Al-driven digital microcredit has the potential to 

significantly expand financial services and support economic growth in marginalized communities. The study 

emphasizes that the integration of Al in microfinance not only improves operational efficiency but also 

fosters a more inclusive 
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financial ecosystem, paving the way for innovative lending models that cater to diverse borrower profiles. 

Sharma and Sheth (2021) explore the transformative potential of artificial intelligence (AI) in digital 

microfinance, emphasizing its applications and emerging trends. They highlight how Al technologies 

enhance various aspects of microfinance, including credit assessment, risk management, and customer 

engagement, leading to more efficient and effective lending processes. The author discusses the integration of 

machine learning algorithms that analyze vast datasets to improve credit scoring, thereby expanding access to 

financial services for underserved populations. Furthermore, they identify key future trends, such as the 

increasing reliance on alternative data sources and predictive analytics, which can help microfinance institutions 

tailor their offerings to meet the unique needs of borrowers. By forecasting the implications of these 

advancements, Sharma and Sheth provide valuable insights into how digital microfinance can evolve, ultimately 

fostering greater financial inclusion and contributing to poverty alleviation. 

sundaresan (2020) explores the transformative potential of artificial intelligence (AI) in enhancing financial 

inclusion, particularly for small and medium-sized enterprises (SMEs). The study highlights how Al-based 

microcredit platforms can address traditional barriers face by SMEs in accessing financing, such as inadequate 

credit histories and lack of collateral. By leveraging advanced data analytics and machine learning algorithms, 

these platforms can assess creditworthiness more accurately and swiftly, thus facilitating faster loan approvals. 

Sundaresan emphasizes the role of Al in personalizing financial services, improving risk management, and 

enhancing the overall customer experience. The findings suggest that Al- driven microcredit solutions not 

only empower SMEs but also contribute to broader economic development by promoting entrepreneurship 

and innovation in underserved markets. Overall, this research underscores the significance of integrating 

Al into microfinance as a means to drive financial inclusion and support the growth of small businesses. 

Zhang, Wang, and Yang (2021) investigate the application of machine learning techniques for credit scoring in 

microfinance, emphasizing the transformative potential of these technologies in enhancing lending processes. 

The authors highlight how traditional credit scoring methods often fail to adequately assess the creditworthiness 

of low-income individuals due to limited data availability and inherent biases. By leveraging machine learning 

algorithms, the study demonstrates improved predictive accuracy in credit scoring, which facilitates bet risk 

assessment and decision-making for microfinance institutions. The authors also discuss various machine 

learning models, such as decision trees and neural networks, showcasing their effectiveness in identifying 

patterns and correlations within borrower data. Ultimately, the research underscores that adopting machine 

learning in credit scoring can not only expand financial inclusion for underserved populations but also 

contribute to the sustainability and efficiency of microfinance operations. 

Zhu and Li (2020) explore the intersection of big data and microcredit, highlighting how machine learning 

techniques can enhance credit accessibility for low-income individuals. 

Their research emphasizes the challenges faced by traditional credit assessment methods, which often exclude 

marginalized borrowers due to a lack of formal credit histories. By leveraging big data analytics and machine 

learning algorithms, the authors demonstrate that financial institutions can develop more accurate credit 

scoring models that consider alternative data sources, such as social media activity, mobile phone usage, and 

transaction histories. This innovative approach not only improves the predictive power of credit assessments but 

also enables lenders to make informed decisions about extending credit to previously underserved populations. 

The study underscores the potential of technology to revolutionize the microcredit landscape, facilitating 

financial inclusion and empowering low- income individuals by providing them with essential access to credit 

and financial services. 

Objectives of the study 

1. To explore the transformative impact of Al on Microcredit. 

2. To analyze the impact Al on low-income communities. 

3. To identify the challenges faced by micro creditors on implementation of Al. 
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Research methodology 

Qualitative and Quantitative research designs are used in the study. Data is collected through Primary data 

collection and secondary data collection methods. A well-structured Questionnaire is used to collect the data. 

Secondary data collected for the study includes existing microcredits and financial inclusion datasets, 300 

samples are taken for the study. 

Data analysis 

1. Transformative impact of Al on microcredit: 

Ho: There is no relationship between AI and Microcredit. 

Regression analysis was conducted to determine the relationship between Artificial intelligence and 

Microcredit. 

4.39.2.a. Model Summary 

Model R R Square Adjusted R Square Std. Error of the Estimate 

1 .806a .649 .646 .70300 

a. Predictors: (Constant), Credit scoring and Risk assessment, Operational efficiency and cost 

reduction, Personalization, Financial inclusion, Loan accessibility and Data Privacy. 

 

ANOVAa 

Model Sum of 

Squares 

df Mean Square F Sig. 

1 Regression 633.609 6 105.602 213.678 .000b 

Residual 342.486 693 .494   

Total 976.095 699    

a. Dependent Variable: AI 

b. Predictors: (Constant), Credit scoring and Risk assessment, Operational efficiency and 

cost reduction, Personalization, Financial inclusion, Loan accessibility and Data Privacy. 

 

Coefficientsa 

Model Unstandardized 

Coefficients 

Standardized 

Coefficients 

T Sig. 

B Std. Error Beta 

1 (Constant) .006 .124  .046 .964 

Credit scoring and Risk 

Assessment 

.224 .031 .232 7.183 .000 

Operational efficiency 

and cost reduction 

.179 .032 .182 5.683 .000 

Personalization .089 .028 .092 3.213 .001 

Financial inclusion .073 .028 .076 2.645 .008 

Loan accessibility .199 .041 .185 4.888 .000 

Data privacy .233 .042 .211 5.595 .000 

a. Dependent Variable: AI 

 

Regression analysis was done to determine the relationship between Artificial Intelligence and Microcredit 
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dimensions. In the above table F value clearly specifies that the regression model AI and microcredit dimensions 

are most significant. The most influencing microcredit dimension is Data privacy followed by credit scoring 

and Risk assessment, Loan accessibility, Operational efficiency and cost reduction, personalization and 

financial inclusion. 

2. To analyze the impact AI on low-income communities. 

H0: there is a strong impact of AI on Low income communities. 

t-Test: Paired Two Sample for Means  

  

Variable 1 Variable 2 

Mean 0.798167765 0.52319 

Variance 4.767039553 1.106159 

Observations 300 300 

Pearson Correlation 0.156395132  

Hypothesized Mean Difference 0  

Df 

t Stat 

24 

0.605557605 

 

P(T<=t) one-tail 0.275246385  

t Critical one-tail 1.710882067  

P(T<=t) two-tail 0.55049277  

t Critical two-tail 2.063898547  

H0 Rejected 

Interpretation: The observed difference between the sample means (0.798 and 0.5239) and the significant 

values are greater than 0.05, reveals that there is a strong impact of AI on low income communities. 

3. To identify the challenges faced by micro creditors in implementation of AI. 

S.NO Challenges Rank 

1 Data Quality and Availability III 

2 Algorithmic Bias and Fairness Issues II 

3 Lack of Digital Infrastructure IV 

4 Ethical and Privacy Concerns I 

5 Regulatory and Compliance Barriers X 

6 Operational Challenges and Resource Constraints IX 

7 Scalability Issues V 

8 Borrower Resistance and Trust Deficit VI 

9 Overdependence on Technology VII 

10 Dynamic Nature of Borrower Contexts VIII 

 

From the above table it is inferred that ethical and privacy concerns is the biggest challenge faced by micro-



Minnesota Journal of Business Law and Entrepreneurship 

Volume 2026, No. 2 

ISSN: 1540-3270 

50 
https://kommerstad.org 

creditors in implementation of AI, followed by Algorithmic Bias and Fairness Issues, Data Quality and 

Availability, Lack of Digital Infrastructure, Scalability Issues, Borrower Resistance and Trust Deficit, 

Overdependence on Technology, Dynamic Nature of Borrower Contexts, Operational Challenges and Resource 

Constraints and Regulatory and Compliance Barriers. 

Conclusion 

The integration of AI in microcredit systems has shown significant potential in enhancing financial inclusion 

and socioeconomic development for low-income communities. By leveraging alternative data sources and 

advanced credit scoring models, AI can improve access to credit for individuals lacking traditional financial 

histories, reduce loan processing times, and lower transaction costs. Moreover, AI-driven personalization of 

financial products tailor’s loan offerings to meet the specific needs of underserved borrowers. However, careful 

consideration must be given to ethical concerns, such as algorithmic bias and data privacy, to ensure that AI 

implementations do not inadvertently exacerbate existing inequalities. Overall, when effectively managed, AI 

has the transformative power to revolutionize microcredit delivery, promoting sustainable economic 

empowerment for marginalized populations. 

Expected Outcomes 

• Key factors influencing AI driven microcredit can be traced out. 

• Framework for ethical implementation of AI can be designed. 

• The role of AI in adapting the AI based credit system can be determined. 
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