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Abstract

The swift adoption of Artificial Intelligence (AI) in the management of human resources is transforming the
complete talent management process, especially in the technological-oriented field like the IT industry. It is a
systematic literature review that summarizes the evidence in 92 peer-reviewed studies published between 2010
and 2025 to investigate how adoption of Al affects recruitment, onboarding, performance management, learning
and development, employee engagement, and retention. The review based on PRISMA 2020 framework
determines the important topics connected with Al use, human-Al interaction, attitudes of employees, ethical and
legal issues, readiness of organizations, and technological obstacles. The results show that Al can greatly boost
the efficiency of HR, the accuracy of decisions, and the personalization of the experience of workers, not to
mention that it can also redefine the responsibilities of the HR to be more strategic and more analytics. Still, issues
that have to do with the fairness of algorithms, their transparency, privacy, and psychological safety keep
influencing how employees accept Al-enhanced personnel management procedures. Further factors that affect the
success of Al implementation are organizational and technological factors including data quality issues,
integration problems, skill gaps and resistance to change. The review suggests a hypothesis that can be tested and
relates Al adoption to employee engagement and retention in a mediating paradigm of the perception of fairness
and trust, which are moderated by ethical protection and organizational preparedness. The research suggests that
Al needs to be governed responsibly and strategic capabilities built to ensure that it is built in high-growth
ecosystems like the IT sector in Bengaluru. Altogether, the review offers an in-depth background that will be used
in future empirical research and practical recommendations to organisations that aim to use Al to optimise talent
management results.

Keywords - Artificial Intelligence (AI); Talent Management; Human Resource Management (HRM); Al
Adoption; Employee Engagement; Recruitment Automation; Performance Management Systems; Human—Al
Collaboration; HR Analytics

1  Introduction

The fast adoption of Artificial Intelligence (Al) in organizational systems has altered the nature of talent
management in organizations, especially where knowledge is the main production factor like in information
technology. With the growing competition and the evolving demands and expectations of personnel, Al has
become a strategic source that can help improve the efficiency of operations and the experience of the workforce
(Chatterjee et al., 2021; Vrontis et al., 2022). The Al technologies have infiltrated the complete talent management
cycle, including recruitment and onboarding, learning and performance management, employee engagement, and
retention and have transformed the decision-making process, work distribution, and interaction between
employees and HR systems (Afzal et al., 2023; Pillai and Sivathanu, 2020). This shift is even stronger in the IT
industry as companies have become highly dependent on flexible staffing approaches, online processes, and
lifelong learning to stay competitive in the global industry (Adepu et al., 2020; Zhang, 2024).
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The world indicates that Al-powered HR solutions are more effective as they increase the quality and speed of
decision-making by automating repetitive processes, predicting, and providing greater personalization in their
employee development (Jia et al., 2018; Setiawan and Yulianto, 2024). Simultaneously, the Al-powered tools
assist the HR professionals to shift towards more strategic workforce planning and capability improvement as
well as organizational culture (Bondarouk and Brewster, 2016; Malik et al., 2020). In spite of these benefits,
ethical, bias, transparency, and data privacy issues remain some of the factors that determine how the employees
view Al, affecting their trust, acceptance, and engagement in work overall (Binns, 2018; Glikson and Woolley,
2020). These concerns are especially relevant in functions that engage people more, like performance appraisal
and employee development because algorithmic decisions can influence the career of individuals and equity of
the organization (Leicht-Deobald et al., 2019).

Indian IT industry and Bengaluru, in particular, is a distinct environment in which Al-based talent management
can be considered. A high population of multinational corporations, start-ups, and digital service companies is
located in Bengaluru, which is quickly embracing Al to solve the talent shortage problem, speed up recruitment,
and enhance employee experience in the highly competitive market (NASSCOM, 2023; PwC India, 2023).
Nevertheless, the organizational factors of Al implementation are complicated by data constraints, digital
transformation resistance, skills shortage among HR specialists, and the fear of algorithmic bias in multinational
environments (Madanchian and Taherdoost, 2025; Sharma et al., 2023). The importance of learning the perception
of Al-enabled HR processes by the employees as an empowerment tool or surveillance tool will be crucial in
identifying the effects of these processes on the engagement levels, wellbeing, and retention (Schmutz et al., 2024;
Meyer and Allen, 1991).

This research aims to conduct a systematic study of how Al use in the talent management lifecycle can affect
organizational effectiveness, HR role redesign, employee perception, employee engagement and retention.
Despite the information about the single HR functions available in the previous research, it still has a significant
knowledge gap regarding the impact of Al in integrated and lifecycle-wide impacts and how employee trust,
ethical issues, and organizational obstacles influence the effectiveness of the Al-driven HRM (Kochling et al.,
2025; Ravichandran et al., 2023). Such research is required to create an evidence-based holistic framework that
will help bridge the gap between the adoption of Al and organizational and employee-level outcomes. The
synthesis of existing studies and the presence of testable propositions make the study contribute to theory, practice,
and policy, so that organizations can use Al not only to become more efficient but also equitable, transparent, and
sustainable when it comes to the engagement of the workforce.

2 Research methods

The given study takes the form of a Systematic Literature Review (SLR) based on the PRISMA 2020
recommendations to investigate how Artificial Intelligence (AI) may be used in talent management throughout
the lifecycle of employees, considering its influence on HR performance, attitudes towards work, motivation, and
retention. A systematic review method is suitable since the current studies in the field are scattered across various
disciplines such as HRM, information systems, organizational behavior, and data analytics and have no
synthesized approach. Transparency, reproducibility and methodological rigor is achieved in the PRISMA
framework because it presents how the studies are identified, screened, evaluated based on eligibility and included.
The inclusion and exclusion criteria were defined, a systematic search of databases was performed, a multi-stage
screening protocol was used, and the conceptual and thematic synthesis of the obtained data were carried out. The
following steps illustrate how all the PRISMA requirements were met in the study.
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Table 1 — PRISMA Criteria for the study

PRISMA
Requirement

Fulfilled in This Study

1. Inclusion &
Exclusion Criteria

Included peer-reviewed articles, conference papers, systematic reviews, and
empirical studies related to Al in HRM or talent management (2010-2025). Excluded
non-English publications, opinion pieces, non-academic blogs, and studies without
methodological transparency.

2. Sources Searched

Scopus, Web of Science, IEEE Xplore, SpringerLink, ScienceDirect, Emerald
Insight, Google Scholar, and industry reports (NASSCOM, PwC, SHRM,
Eightfold.ai).

3. Search Strategy

Used Boolean combinations such as "Artificial Intelligence" AND "Talent
Management", "Al in HR", "Algorithmic HRM", "Recruitment automation", "Al
engagement", "Al retention", “human-AlI collaboration”. Search strings were tailored
to each database.

4. Screening
Process

Multi-step screening: (a) title screening; (b) abstract screening; (c) full-text review;
(d) quality appraisal. Two independent reviewers conducted screening, with
disagreements resolved through discussion.

5. Data Extraction
Methods

Structured extraction sheet capturing study purpose, methods, sample characteristics,
Al tools examined, theoretical lenses, HR outcomes, employee outcomes, and key
findings.

6. Outcomes for
Data Collection

Outcomes included HR efficiency, decision accuracy, fairness perceptions, employee
trust, engagement levels, retention indicators, and HR role transformation.

7. Additional
Variables Recorded

Year of publication, country context, Al maturity level, industry focus (general vs. IT
sector), type of Al technology (NLP, ML, predictive analytics, chatbots), and
research design.

8. Risk of Bias
Assessment

Used adapted CASP and JBI checklists to evaluate methodological rigor, selection
bias, reporting bias, and analytical bias. Studies with critical flaws were excluded.

9. Effect Measures

For qualitative studies: thematic relevance and conceptual contribution. For
quantitative studies: effect sizes, correlations, predictive accuracy, or reported
statistical significance.

10. Eligibility for

Studies addressing Al’s impact on recruitment, development, performance,

Synthesis engagement, perceptions, or retention were eligible. Studies insufficiently related to
talent management were excluded.
11. Data Extracted data were categorized into six thematic domains mirroring the discussion
Preparation sections. Duplicates removed; qualitative codes harmonized.
12. Presentation of  Results presented through thematic synthesis, summary tables, conceptual framework

Results development, and proposition formulation grounded in literature.

13. Methods of Narrative synthesis combining thematic analysis, cross-study comparison, and
Synthesis conceptual aggregation; no meta-analysis due to heterogeneity in methods and

measures.

14. Exploration of

Variation assessed by comparing industry settings, Al tool types, geographic focus,

Heterogeneity methodological designs, and stakeholder groups.
15. Sensitivity Conducted by re-evaluating themes after removing lower-quality studies to test the
Analyses stability of synthesized conclusions.

16. Risk of Bias
from Missing
Results

Addressed by using multiple databases, backward and forward citation tracking, and
including grey literature to reduce publication bias.

17. Certainty of
Evidence

Certainty assessed using adapted GRADE criteria, evaluating consistency,
robustness, coherence, and methodological quality across included studies.
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Figure 1- PRISMA Model
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It can be noted that the PRISMA flow model depicts a methodological and clear process of identifying, screening,
and including the studies in this review. One hundred eighty records were first discovered in major academic
databases and other sources. Following the elimination of 28 duplicates, 152 records were filtered at the title and
abstract stage and this led to 41 studies that had to be discarded as that was not related to the focus of Al in talent
management. The rest of the 111 full-text articles were evaluated to determine their eligibility with 19 articles
being dropped as they were not relevant, were too vague in the way they were done or were not comprehensive.
Finally, 92 quality studies were included in the qualitative synthesis and satisfied the inclusion criteria. Such a
systematic selection process will assure that the evidence base on which the review is based is strong, credible,
and methodological and hence enhance the integrity of the results and conceptual framework of the study.

3 Results and discussion
3.1 Trends in AI Adoption in the Lifecycle of Talent Management

3.1.1  Artificial Intelligence-based Revolution in Recruitment and Early Talent

The most ubiquitous and developed area of Al usage across the talent acquisition field is the essential change in
the way organizations source, screen and evaluate candidates. Research indicates that machine-learning-based
rules to process resumes, NLP-based screening, and algorithmic decision support have decreased the time required
to hire a person and enhanced the accuracy of the candidate-job fit (Pillai and Sivathanu, 2020; Saatcic et al.,
2024). There are now recruitment chatbots that automate the initial interactions, which enhances the
responsiveness of the candidates and decreases the amount of work the recruiters need to complete (Burns, 2021).
The results of massive reviews suggest that Al-based recruitment websites provide predictive information related
to cultural fit, performance potential, and intent to work, and thus change the nature of hiring practices to be more
based on information rather than intuition (Ahmadi et al., 2024; Alrakhawi et al., 2024). According to the Indian
and global research, in the IT industry, in particular, where mass screening skills are necessary, Al tools are
facilitating the bulk screening of coding proficiency, behavioral traits, and domain knowledge more accurately
than manual methods (Nawaz, 2019; Adepu et al., 2020). It is also found out that Al-powered recruitment
interfaces have the potential to make organizations more attractive, which also affects application intentions and
the effectiveness of employer branding (Tursunbayeva et al., 2025; Jha et al., 2024). In general, it can be said that
recruitment is the function where Al implementation is most developed and rapidly increasing.
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3.1.2 Al Proliferation in Development, Performance and Mobility

In addition to recruiting, the use of Al-based systems now influences learning, performance, and internal mobility
with predictive analytics, personalization, and employee experience enhancement. Intelligent learning systems
draw conclusions about the skills based on data on performance and propose upskilling pathways specific to
workers, enabling companies to develop talent pipelines of the future (Abalos and Palaoag, 2024; Pandya and
Wang, 2024). Learning platforms supported by Al help on-demand employees to engage in continuous and self-
directed development by delivering microlearning modules based on the development gaps, interests, and career
objectives (Rahman and Inaganti, 2023). The use of algorithm-aided performance evaluation and uninterrupted
feedback has also grown in popularity in performance management now, providing more objective and timely
performance information (Raina and Agarwal, 2023; Ghedabna et al., 2024). Internal mobility is also aided by
talent analytics systems, which uncover the hidden abilities, anticipate willingness to work under new roles, and
suggest the growth paths according to the needs that an organization has (Eightfold.ai, 2022; Kang et al., 2024).
These changes point to the emergence of lifecycle-based talent intelligence ecosystems in which recruitment,
learning, and performance data are in harmony with each other to drive strategic decisions on workforce. The
given integration is especially noticeable in the global IT context, where the agility of the workforce is a
competitive requirement, and the requirements in terms of skills change quickly (Ghosh et al., 2023; Zhang, 2024).

3.1.3  Sector-Specific Adoption Patterns of the IT Industry with a focus on India and Bengaluru

The IT industry has become one of the quickest to adopt Al-based talent management because of the severe
shortage of skills, high turnover, and its technological orientation. The experience of Indian IT/ITeS companies
demonstrates that Al technologies are not only used to recruit but also to distribute resources, staffing of projects,
as well as real-time monitoring of the degree of employee engagement (Verma and Bandi, 2020; Premnath and
Chully, 2020). As the largest technology centre in India, Bengaluru demonstrates quicker patterns of adoption that
are prompted by digital maturity, access to Al vendors, and the necessity to improve HR efficiency because of
competition (NASSCOM, 2023; PwC India, 2023). Studies indicate that the trend among organizations in
Bengaluru is shifting towards utilizing Al-powered sentiment analysis, people analytics dashboard, and predictive
retention models to handle workforce issues typical of high-density tech ecosystems (Ravichandran et al., 2023;
Priya et al., 2024). This tendency is reflected in global research trends aimed at developing IT companies that
facilitate the change toward Al-based HR roles, which facilitate the scalability of the workforce, the
individualization of the employee experience and agile deployment of talent (Dawson and Agbozo, 2024; Vrontis
et al., 2022). All of this indicates that the literature represents a field in which Al is not merely supplementing HR
processes but is strategically at the center of talent management.

3.2 The Artificial Intelligence (AI) Tools Effectiveness in improving the Talent Management Results
3.2.1 Enhancement of Efficiency, Speed, and Cost-Effectiveness

The adoption of Al technologies in HR procedures has enhanced the efficiency of operations in a considerable
way, especially in organizations with a high resource demand like the IT ones. Repetitive workflows, such as
resumes screening, interview scheduling, onboarding paperwork, and attendance monitoring, are automated and
reduce the administrative load, leaving the HR professionals with free time to focus on strategic activities (Stone
et al., 2015; Subrahmanyam, 2024). Research proves that Al-based solutions can be used to speed up the hiring
process by processing vast quantities of applicants, thereby enhancing time-to-fill indicators and minimizing
recruitment expenses (Auberlet et al., 2014; Ivanov and Webster, 2017). Moreover, Al-enabled data-driven
workforce planning reduces human error and promotional responsiveness of an organization in highly dynamic
markets (Min, 2019). The studies of the IT field also indicate that automated HR processes and smart analytics
tools help to save significant costs by streamlining talent pipelines and minimizing the inefficiency of manual
decision-making (Othman, 2019; Buzko et al., 2016). Therefore, the efficiency-enhancing features of the AI make
it the necessary component of the contemporary HR ecosystem that has to deal with the rapid development and
sophisticated talent requirements.
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3.2.2  More Accurate Decision-Making With Predictive and Prescriptive Analytics

Al improves the quality of decisions made because it uses machine learning algorithms, big-data frameworks, and
sophisticated prediction systems to facilitate evidence-based HR measures. The predictive analytics are more
accurate in predicting candidate performance, turnover propensity, skill obsolescence, and learning outcomes than
a subjective human assessment (Strohmeier and Piazza, 2015; Jia et al., 2018). These insights would help the HR
professionals to see the potential candidates, evaluate their preparedness to occupy leadership positions, and
prescribe specific developmental programmes (Gupta, 2024). Moreover, data-mining tools enable HR
departments to identify trends in the employee behaviour and organisational dynamics that can be used to make
more accurate decisions in succession planning and workforce development (Wang and Li, 2018; Setiawan and
Yulianto, 2024). Empirical studies based on the organizational justice theory have shown that algorithmic-based
recommendations are less prone to bias and decision-making perceptions of fairness are greater with algorithmic
assessment systems compared to traditional evaluation systems (Colquitt et al., 2013). Such increased objectivity
does not only enhance the quality of decisions but also enhances trust in HR processes, which increases the overall
effectiveness of the further talent management.

3.2.3 Improved Workers Experience and Individualised Talent Management

Al applications can also play an important role in employee engagement, satisfaction and development, as they
allow more personal and responsive HR relationships. Smart chatbots and virtual HR assistants provide employees
with real-time assistance on their questions, facilitate the communication process, and make HR services more
available (Mehta, 2021; Kumar et al., 2021). Individualized learning systems rely on Al to recommend
development modules based on personal skill gaps, career interests, and performance history, which improves
learning motivation and retention in the long run (Jaiswal et al., 2021; Rahman and Inaganti, 2023). These
customized experiences make the employees feel assisted in their developmental paths and this solidifies their
company loyalty and performance. Al-based continuous feedback systems in performance management enhance
transparency regarding the expectations and frequent developmental feedbacks to assist employees in modifying
behaviors in advance (Raina and Agarwal, 2023). Furthermore, researchers indicate that Al-based ethical systems
and transparency algorithms decrease employee beliefs of favoritism and boost trust in performance assessment
(Leicht-Deobald et al., 2019). With the IT industry being highly competitive, where ongoing learning and
responsiveness are key to success, Al-assisted talent intelligence systems can support dynamism in the alignment
of skills and enhance the accuracy of project deployment (Kapoor and Ghosh, 2021; Chowdhury et al., 2024). The
risk of burnout and collaboration problems is also uncovered by Al-powered sentiment analysis and team analytics
to offer early interventions to enhance engagement and retention (Meng et al., 2025; Schmutz et al., 2024).

3.3  Human-Al Co-operation and Reshaping HR

3.3.1 Change on Administrative HR Work to Strategic Talent Leadership

The growing use of Al systems in talent management is transforming the character of the HR work, moving HR
specialists out of the scope of more administrative tasks to more strategic and analytical ones. Research
demonstrates that the repetitive HR functions data entry, screening, payroll processing, and documentation can be
automated to reduce the manual load on the HR team that the company has historically placed on it to undertake
strategic workforce planning, capability development, and culture-building (Bondarouk and Brewster, 2016;
Marler and Parry, 2016). The introduced structural change is supported with socio-technical views, which also
consider that technology and human systems need to transform together to be able to maximize the results of
organizations (Bostrom and Heinen, 1977; Mumford, 2006). Digital Hr transformation studies underscore that Al
refers to more strategic participation of the HR department by delivering insights that can lead to the involvement
of the HR department in evidence-based decision-making, making the practices of talent more aligned with
business objectives (Mehta, 2021; Malik et al., 2020). The development of the HR role is especially apparent in
the rapidly developing technological industries, where the HR staff are starting to act as in-house consultants that
receive Al-processed information and transform it into strategies that can be implemented (Chowdhury et al.,
2024; Zhang, 2024). Consequently, the HR is becoming a service role to a strategic partner that is the centre of
organizational agility and competitiveness.
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3.3.2  The changing competency needs and human control of Al-enhanced HR Systems

The emergence of Al in HRM necessitates HR personnel to create a novel set of skills entailing data literacy,
algorithmic rule, ethical decision-making, and computer fluency. It has been shown that HR practitioners now
have to be able to assess the quality of the data input, interpret analytics output, and comprehend which
assumptions Al algorithms are based on (Marler and Boudreau, 2017; Qamar et al., 2021). Researchers underline
that even with the effectiveness of Al analysis, human control is still necessary in terms of contextual
interpretation, reducing bias, and having empathy in decision-making by people (Bankins, 2021; Leicht-Deobald
et al., 2019). Empirical evidence proves that HR professionals who work in the area of human-Al collaboration
are more likely to note enhanced decision confidence and better impact on organizational strategy, but only when
they have sufficient technical awareness and ethical sensitivity (Hmoud, 2021; Kaur and Gandolfi, 2023). The
industry views also indicate that Al can supplement and never substitute the ability of humans to make judgments,
relational intelligence, and cultural knowledge, which are still fundamental in performance discussions, conflict
resolution, and leadership development (Vrontis et al., 2022; Wood et al., 2025). Thus, the success of Al-advanced
HR systems depends on the unceasing improvement of HR skills that facilitate technology and human judgment.

3.3.3 Approach to AI among HR Professionals and Employees; Trust, Transparency, and Collaboration
The user adoption of Al in HR hinges on whether or not users trust it and perceive it to be fair and have a clear
understanding of how the algorithm works. The studies based on the models of technology adoption indicate that
the ability to use, perceived usefulness, and ethical clarity determine the desire of the HR professionals to adopt
Al tools and use them in their daily activities (Venkatesh and Bala, 2008; Gangwar et al., 2014). Research also
reveals that the trust of the Al-generated decisions by employees depends on the clarity with which organizations
explain the purpose, how the algorithms are applied in hiring, appraisal, and development (Glikson and Woolley,
2020; Binns, 2018). The issue of dehumanization, surveillance, and loss of autonomy arise once the Al systems
do not work with enough transparency or human control, which has a negative impact on the acceptance among
both HR and employees (Radanliev and De Roure, 2023; Jahn, 2011). According to recent discoveries in the field
of organizational behavior, it is possible that when properly developed human-Al teams can improve
collaboration, decrease the workload load, and promote more efficient decision-making, although only in case
employees can feel that Al is an ally and no threat to them (Schmutz et al., 2024; Hagemann et al., 2023). What
is more, in people-intensive industries, like IT, the concept of hybrid human-AlI collaboration is becoming a must-
have, and Al can handle complex data, whereas human resource specialists can make relational, moral, and
contextual decisions (Ding et al., 2025; Jabagi et al., 2025). Altogether, the literature demonstrates that the
development of acceptance demands clear practices, moral protection, and a culture that would consider Al as a
helpful continuation of human potential.

3.4  Moral, Legal, and Bias-Based Issues in AI-Driven Talent Management

34.1 The concerns of algorithmic bias, fairness, and the threat of discrimination

Algorithms bias is one of the most commonly reported issues in Al-based HRM, which may support or even
enhance discriminatory trends in the hiring, appraisal, and promotion processes. Researchers believe that Al
systems that receive the data on past organizational history can contain social biases and therefore disadvantage
women, minorities or less represented groups (Binns, 2018; van Bekkum and Zuiderveen Borgesius, 2022).
Prejudice can also be established via the use of proxy variables that are likely to be associated with sensitive
features, making discrimination hard to identify unless special auditing systems are established (Murikah et al.,
2024). It was also found out that issues with fairness are particularly acute in recruitment, where algorithms that
sift through resumes and where automated tests may sieve out candidates due to non-merit reasons (The Times,
2024; Tursunbayeva et al., 2018). Research on employee responses also indicates that perceived algorithmic
unfairness decreases the confidence in HR practices, organizational legitimacy, and deters applicants seeking
employment (Jabagi et al., 2025; Kochling et al., 2025). Recent studies in the Indian IT industry mention that Al
bias is an especially dangerous challenge because of the socio-cultural diversity and different digital footprints of
applicants in the country, and therefore such governance requires strong fairness-oriented strategies (Nawaz et al.,
2024). Altogether, it is underlined that ethical Al design, bias audits, and clear validation protocols are needed to
avoid discriminative results.
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3.4.2  Transparency/ Explainability/ Data Governance issues.

The HRM driven by Al generates a lot of concern regarding transparency and the fact that the decisions made by
algorithms can be explained. Researchers underline that black-box Al systems put the HR professionals and
employees in a difficult situation in that they are unable to comprehend how some decisions were reached,
including rejecting a candidate, rating their performance, or suggesting a promotion (Leong, 2018; Ruel and
Bondarouk, 2014). The absence of the explainability may result in mistrust, lawsuits, and a decrease in the
acceptance of Al-powered HR. Digital work systems studies point to explainability as a critical issue when making
high-stakes talent management decisions where employees want to understand why and how (Schmidt and Bauer,
2024). The other area of concern is data governance. The use of Al systems is based on a lot of personal and
behavioral information, which creates ethical concerns when it comes to data safety, surveillance, and consent
(Chatterjee et al., 2021; Parry and Battista, 2019). Research also mentions dangers linked to data breaches,
unwarranted profiling, and poor access control, which may jeopardise the privacy of employees and infringe
regulatory requirements (Mishra and Venkatesan, 2021; Mohammed, 2020). The inadequate data governance
frameworks in the Indian IT industry, where companies gather extensive datasets on platforms, may increase
privacy risks, especially when the legal frameworks like the Digital Personal Data Protection Act change (PwC
India, 2023). In the face of these issues, researchers are of the opinion that transparent algorithmic structures,
robust data protection systems, and explicit communication standards should be adopted to enhance trust and
reduce ethical risks.

3.43  Al-Driven HR Decisions Legal, Ethical, and Workplace Implications

Legal and ethical consequences of algorithmic HR decision-making are not limited to technical issues and affect
the organizational culture, employee welfare, and legal requirements. The ethics of right and wrong indicate that
it is necessary to strike the right balance between efficiency and dignity, making sure that Al should supplement
and not substitute human elements of HRM (Bankins, 2021; Dutta, 2021). Legal academics mention that
organizations can be faced with accountability issues when automated systems determine or affect employment
decisions, particularly when the results seem to be discriminatory or grounded in false reasons (Reilly, 2018;
Tambe et al., 2019). Psychological safety concerns are also raised when workers view Al tools as surveillance or
control tools, thereby adding to stress and disengagement or resistance (Li et al., 2019; Zatidi et al., 2020). Issues
of ethics are also present in performance appraisal, wherein Al-based ratings might be unable to reflect contextual
peculiarities, interpersonal relations, or situational limitations (Bassey, 2025; Chukwuka and Dibie, 2024).
According to the cross-cultural HRM literature, ethical standards among various regions are different, and the
main challenge is that organizations, particularly multinational IT companies, should adjust Al governance to the
local standards and laws (Budhwar et al., 2022). Innovation centres, such as Bengaluru, where Al in HRM is ahead
of regulatory clarity, organisations are increasingly burdened to make sure of ethical protection and human control
(Zhang, 2024). In sum, the literature emphasizes the need to make Al practices responsible and focus on increased
fairness, transparency, accountability and employee well-being.

3.5 Technological and Organizational Al Implementation Hurdles

3.5.1 Technology limitations: Data Quality, Infrastructure and system integration issues

One of the biggest challenges to the successful implementation of Al in HRM is the technology constraints.
Research has consistently emphasized the poor quality of data (i.e., incomplete, outdated, or inconsistent records
of employees) as a factor that reduces the accuracy of Al-driven insights and makes predictive models unreliable
(Mazhar et al., 2021; Shi Xuanbei, 2021). Fragments of data in the legacy HR systems and enterprise platforms
also make integration more challenging, which restricts the capability of Al tools to construct fully operational
talent analytics (Patil & Rao, 2024; Laxmipuram, 2024). Poorly developed IT infrastructure is an issue faced by
many organizations when trying to implement sophisticated artificial intelligence systems that need substantial
processing capacity, real-time information streams, and effective cybersecurity systems (Almarashda et al., 2021;
Min, 2019). Studies also indicate that new Al solutions can be hampered by interoperability between systems and
the existing HRIS systems, slowing adoption and raising the implementation costs (Mohapatra et al., 2023;
Madanchian and Taherdoost, 2025). In addition, new technology, i.e., NLP-based recruitment systems or
predictive workforce analytics, also requires high-quality domain-specific datasets, which many organizations
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(particularly in emerging economies) do not have (Agnihotri et al., 2024; Al-Faouri and Mansour, 2024). The
combination of such technological limitations has a negative impact on the scalability and accuracy of Al-based
HR processes.

3.5.2  Organizational Barriers Culture, Change Resistance, and Skills Gaps

Organizational preparedness is a key factor that defines the success of Al adoption, and several companies have
cultural and structural obstacles that hinder change. Research indicates that HR practitioners tend to be less
digitally literate and, therefore, are unlikely to be able to successfully analyze algorithmic insights or oversee Al-
based systems of making decisions (Jatoba et al., 2023; Premnath and Arun, 2020). This knowledge gap creates
anxieties about the role replacement and diminishes the desire to be experimental with Al tools (Nankervis et al.,
2021). In the companies traditionally structured, organizational culture can be a barrier to data-driven HRM
because of the perceived threats to managerial autonomy or doubts regarding the fairness of the algorithmic
decisions (Sharma et al., 2023; Khatri et al., 2020). Empirical studies on the subject based on the Technology-
Organization-Environment paradigm indicate that weak leadership support, absence of strategic focus, and
inefficient change management lifestyles slow down Al diffusion and restrict its transformational capabilities
(Baker, 2012; Tornatzky and Fleischer, 1990). More importantly, workers can be unwilling to embrace Al because
they expect more surveillance, less interpersonal communication, and do not know what the automated HR
technology is about and what it is going to bring (Ola-Oluwa, 2024; Vishwakarma and Singh, 2023). All these
organizational obstacles are impediments to Al maturity and constrain its implementation into everyday HR
processes.

3.5.3 Economic, Ethical, and Workforce Trust Hurdles to sustainable AI application

A significant barrier is also high implementation costs, particularly among the small and medium-sized
enterprises, which do not have the financial resources to invest in developed Al infrastructure, training, and system
upgrades (Abasaheb and Subashini, 2024; Adepu et al., 2020). The cost factor is escalated by the need to
customize, maintain, or hire third-party skills to operate Al systems, which are economically burdening when a
firm demands them (Gonzalez et al., 2019; Choubey and Zohuri, 2021). Ethical issues also make the adoption
more complex because organizations are afraid of the reputational and legal implications of algorithmic bias,
privacy invasion, or improper HR choices (Radanliev and De Roure, 2023; Yanamala, 2020). Research shows that
trust is one of the primary obstacles: employees can lack confidence in Al-based assessment because they believe
that the automated decisions miss contextual aspects or rely on a clouded logic (Schmutz et al., 2024; Meng et al.,
2025). The absence of well-defined regulatory frameworks in the emerging markets, such as the fast-changing Al
and data security provisions in India, is an added risk and deterring factor to full-scale implementation (PwC India,
2023; NASSCOM, 2023). Consequently, despite the technological sophistication of many companies, Al is
frequently welcomed with great reservations, with pilot projects being the preferred method of implementation as
opposed to a company-wide adoption.

In general, the literature demonstrates that positive changes in the application of Al in HRM are impeded by the
complex of technological, organizational, economic, and trust-related barriers. To overcome such difficulties, it is
necessary to invest in data quality, capacity-building of the workforce, ethics, and transparent communication
plans to develop trust in Al-oriented HR systems.

3.6  Effects of AI on Employee opinions, involvement, and retention

3.6.1 Al perceptions among the employees: Trust, Fairness, and psychological safety

The application of Al in HRM affects employer-employee perceptions of fairness, transparency, and psychological
safety at the workplace to a significant extent. Studies demonstrate that, in cases where staff members feel that
Al-inspired HR algorithms, including recruitment results, performance scores, and learning recommendations are
fair and supported by evidence, the rate of trust in HR activities rises (Glikson and Woolley, 2020; Kochling et
al., 2025). Nevertheless, ambiguous algorithmic logic or perceived transparency may provoke distrust, fear, and
opposition especially when employees believe decisions are being handed over to obscure systems (Schmidt and
Bauer, 2024; Radanliev and De Roure, 2023). The psychological safety literature holds that workers will be more
inclined to embrace Al in talent management when organizations explain well the purpose of Al, its restrictions,
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and concerns (Schaufeli, 2017; Chatterjee et al., 2021). In the Indian IT industry, where Al-powered HR analytics
and monitoring software is fast becoming a common practice, the problems of surveillance and autonomy loss
may adversely impact employee morale unless there is strict control by effective ethical rules (Zhang, 2024;
Vishwakarma and Singh, 2023). These results highlight the importance of open communication, participatory
change, and human control to improve the trust of the employees in Al-based HR systems.

3.6.2  Al-Intelligent Engagement Experiences and Individualized Workforce

Al is also important in improving engagement rates among employees because it allows personalized, responsive,
and ongoing HR interaction. Research indicates that Al-driven sentiment analysis applications and engagement
tools can identify the early signs of dissatisfaction, burnout, or disengagement to prevent it before it occurs and
provide managers with an opportunity to act proactively (Ravichandran et al., 2023; Schmutz et al., 2024). Virtual
HR assistants and chatbots can provide instant assistance with employee questions, which makes them more
responsive, and frustrations linked to slow HR service execution are reduced (Kumar and Dey, 2024; Priya et al.,
2024). Skills analytics and machine learning make personalized learning and career development platforms that
enhance engagement by matching developmental advice with personal aspirations and real-time performance data
(Pandya and Wang, 2024; Abalos and Palaoag, 2024). The internal mobility systems that are supported by Al also
enhance engagement rates as they make career paths and opportunities more visible and, thereby, reduce the sense
of stagnation (SHRM, 2024; OneTen Coalition, 2024). Organizational behavior studies indicate that such
customized experiences will help to boost positive emotional bonds, motivation, and psychological attachment
that employees have towards the organization (Meyer and Allen, 1991; Wood et al., 2025). The rise of
personalization as the key to individualized workforce expectations is also becoming a reality, particularly among
younger digital-native employees; therefore, Al-driven engagement tools are becoming essential in the
development of the contemporary workforce experience.

3.6.3 Effects of AI on Retention: Work Environment, Employee Commitment, and Predictive Insights
Using Al has become an effective means of dealing with employee turnover as it provides predictive data and
allows devising more specific retention policies. Performance data, communication patterns, and engagement
indicators data may help companies recognize high-risk employees with remarkable precision and intervene
before they leave because of these factors (Othman, 2019; Setiawan and Yulianto, 2024). Research indicates that
predictive retention analytics are especially useful to the IT companies, where turnover is more frequent, and the
labor shortage increases the expense of employee turnover (Verma and Bandi, 2019; Adepu et al., 2020).
Nonetheless, studies also point out that Al-enabled retention policies have to be introduced cautiously: excessive
surveillance or an inadequately elucidated forecasts may destroy trust and harm psychological health (Li et al.,
2019; Ahmed, 2018). By applying ethically, Al allows organizations to create retention interventions, including
individual development plans, workload changes, or recognition, and make them effective by increasing employee
commitment (Allen et al., 2010; Nawaz et al., 2024). Also, Al tools that can be used to better the workflow and
ease the administrative load can increase job satisfaction because now employees have time to engage in
purposeful and creative work (Eubanks, 2025; TechRadar Pro, 2025). On the whole, it would be reasonable to
conclude that Al exercises a positive effect on retention in cases when it is used in collaboration with human
judgments, ethical considerations, and clear communication practices.

4  Testable prepositions

The presentation of the main themes identified throughout the systematic review of the literature and their
alignment with testable propositions and supporting literature are presented in the table below. These themes
reflect the key areas of conceptual aspects in which Al affects talents management processes, HR functions,
organizational preparedness, employee perception, and retention performance. The framework allows a coherent
structure connecting the theoretical knowledge with measurable research directions, as each theme is connected
to the propositions. This integration will make sure that the conceptual model is empirically based and practically
applicable to investigate the impact of the Al-based talent management systems on organizational and employee-
level outcomes.
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Table 2 — Testable prepositions and supporting literature

Theme

Testable Propositions

Supporting Sources (APA In-Text
Style)

1. AT Adoption Across the
Talent Management
Lifecycle

P1. Greater adoption of Al across TM
functions enhances HR efficiency
(speed, accuracy, cost).

Stone et al. (2015); Ivanov &
Webster (2017); Auberlet et al.
(2014); Min (2019); Buzko et al.
(2016)

P2. Higher levels of Al adoption
improve decision accuracy in
recruitment, development, and
performance management.

Strohmeier & Piazza (2015); Jia et al.
(2018); Setiawan & Yulianto (2024);
Qin et al. (2025); Agnihotri et al.
(2024)

2. Effectiveness of AI Tools
in Enhancing Talent
Management Qutcomes

P3. Perceived Al effectiveness
positively predicts strategic evolution
of HR roles.

Bondarouk & Brewster (2016);
Marler & Parry (2016); Malik et al.
(2020); Mehta (2021); Zhang (2024)

P4. Higher Al effectiveness increases
human—AlI collaborative decision-
making.

Chowdhury et al. (2024); Ding et al.
(2025); Vrontis et al. (2022);
Hagemann et al. (2023)

3. Human-AI Collaboration
& Changing HR Roles

P5. Human—AlI collaboration positively
influences employee fairness and
transparency perceptions.

Glikson & Woolley (2020); Kochling
et al. (2025); Colquitt et al. (2013);
Leicht-Deobald et al. (2019)

P6. HR’s strategic engagement with Al
enhances employee trust in Al-
supported HR decisions.

Hmoud (2021); Kaur & Gandolfi
(2023); Vrontis et al. (2022); Jabagi
et al. (2025)

4. Ethical, Legal & Bias-
Related Concerns

P7. Ethical concerns (bias,
transparency, explainability) mediate
the relationship between Al use and
employee trust.

Binns (2018); van Bekkum &
Zuiderveen Borgesius (2022);
Murikah et al. (2024); Radanliev &
De Roure (2023)

P8. Strong ethical/legal safeguards
weaken the negative effect of perceived
Al bias on engagement.

Bankins (2021); Leong (2018); Parry
& Battista (2019); Schmidt & Bauer
(2024)

5. Technological &
Organizational Barriers

P9. Technological and cultural barriers
weaken the relationship between Al
adoption and Al effectiveness.

Mazhar et al. (2021); Madanchian &
Taherdoost (2025); Nankervis et al.
(2021); Vishwakarma & Singh
(2023)

P10. Organizational readiness

strengthens the relationship between Al

adoption and HR role transformation.

Baker (2012); Tornatzky & Fleischer
(1990); Jatoba et al. (2023); Premnath
& Arun (2020)

6. Impact of AI on Employee
Perceptions, Engagement &
Retention

P11. Positive employee perceptions of
Al (fairness, clarity, safety) enhance
engagement.

Ravichandran et al. (2023); Schmutz
et al. (2024); Meyer & Allen (1991);
Priya et al. (2024)

P12. Al-enabled personalization
increases engagement and reduces
turnover intentions.

Allen et al. (2010); OneTen Coalition
(2024); Verma & Bandi (2019);
Adepu et al. (2020)

All in all, the propositions outlined in this table create a clear roadmap in which empirical research on the
dynamics of Al-driven talent management may be conducted. They not only point out the direct impact of the use
of Al on HR performance and the employees performance but also emphasize the moderating and mediating
variables that define such relationships. The systematic correspondence of themes, propositions, and underlying
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sources provides a solid research base that can be later on used to test, refine and broaden the suggested conceptual
framework. Such an all-inclusive strategy is what makes the model capable of informing not just academic
research but also informing practical choices in the organizations that are interested in utilizing Al in a responsible
and strategic manner throughout the talent lifecycle.

5  Conclusion

This is a systematic literature review covering a wealth of information on how Artificial Intelligence is changing
the talent management throughout the employee lifecycle, especially in the rapidly changing IT industry. The
review is based on 92 studies that have been rigorously selected and proves that Al is now a fundamental enabler
that increases the efficiency of HR, the accuracy of decisions, and the ability to be strategic. Recruitment systems
powered by Al save on time spent on screening candidates, predicting their job-fit better, and enhance their
experience, and intelligent onboarding, learning platforms, and performance tools continuously assist a candidate
in a manner specific to their needs. All these developments put Al in a new facet of organizational agility and
competitiveness.

One of the important contributions made by the review is the underlying role of Al adoption to redefine the HR
positions. The administrative work can be automated so that HR professionals can redirect their efforts to the
strategic side of the work that includes the planning of the work force, the development of capabilities and the
management of the staff experience. The collaboration between humans and Al becomes a skill that is highly
demanded, as HR specialists need to balance the algorithmic knowledge and the contextual and ethical judgment
and relational delicacy. This change highlights the fact that digital literacy, ethical sensitivity, and interpretive
capabilities are essential in the contemporary HR operation.

Simultaneously, the review reveals a set of critical issues that determine the efficiency of Al in talent management.
Employee trust and acceptance are directly influenced by ethical issues, including algorithm bias, privacy risk,
and lack of transparency. Lack of proper communication, interpretability, and equity-saving mechanisms can make
employees feel that Al systems are invading their privacy or are unfair and negatively affect their engagement and
retention. Critical role is also played in organization and technological barriers. Problems with data quality and
the inadequate integration of systems, as well as change resistance, can severely result in the inability of Al to
produce meaningful insights. The challenges are especially applicable in Indian IT centers such as Bengaluru,
where the adoption of Al is rapid, and the expectations of diverse workforce rates and changing regulatory
environments combine.

The review also made another significant contribution, namely the creation of a testable conceptual framework
according to which the adoption of Al is correlated with employee perceptions, engagement, and retention. The
framework suggests that the performance of Al cannot be limited by its technical capacity, but it should be
followed by the organizational preparedness, ethical regulation, and collaboration between humans and Al. The
perception of the employees plays a significant mediating role: Al systems that are seen as fair, transparent, and
supportive improve employee engagement and decrease turnover intentions. On the other hand, improperly
deployed Al systems will jeopardize trust and psychological security.

Altogether, the results underline a delicate fact: Al provides significant chances of changing talent management
but only with the help of responsible practices, alignment and constant human supervision. Companies need to
invest in ethical governance systems, digital capability distribution, and communication practices that make both
HR professionals and employees powerful. To researchers, the research provides a powerful base on which to
conduct future empirical research in the form of propositions and conceptual model. It is useful to practitioners as
it offers practical information on how to use Al to create sustainable and people-focused work environments. In
conclusion, the review shows that Al is not merely a technological upgrade, but it is a trigger that is transforming
the future of working, working relationships and the strategic role of HR in the digital age.
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